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Abstract
Generative AI presents significant challenges for Computer Sci-
ence assessment, raising questions about validity, authenticity, and
inclusivity across diverse assessment formats. This RIPPA brings
together computing educators to co-create and apply a practical
framework for evaluating assessment in relation to generative AI,
generating a shared evidence base and practical guidance to support
informed and inclusive assessment design in AI-rich education.

CCS Concepts
• Social and professional topics→ Student assessment.
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1 Introduction
The rapid development of generative AI tools has introduced chal-
lenges for assessment in Computer Science in Higher Education,
extending longstanding concerns around academic integrity and the
limitations of detection-based approaches [3, 6, 8]. More recently,
computing education research has examined the implications of
generative AI for programming education, highlighting both its
educational potential and the risks it poses for assessment valid-
ity [1, 4]. UK sector bodies have similarly called for assessment to
adapt while maintaining standards and supporting learning [2, 5, 7].
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Existing approaches largely provide general principles for assess-
ment reform or frameworks for specifying permitted levels of AI
use. There is still a gap in relation to a Computer Science-specific
framework that can be used to evaluate how generative AI affects
the breadth of assessment used across the discipline, from program-
ming coursework to written and oral examinations, presentations
and practical tasks. In the absence of such a framework, reactive
responses, including increased reliance on invigilated examinations,
risk narrowing assessment and undermining inclusive practice.

This RIPPA addresses the gap through a collaborative, multi-
institutional process to co-create and refine a framework for evalu-
ating assessment in response to generative AI. It considers contexts
in which AI may be restricted, regulated, or incorporated, and will
produce a shared evidence base and practical tools to support as-
sessment evaluation and redesign.

2 Objectives
The project has four objectives:

(1) To collaboratively develop a practical framework for eval-
uating how generative AI affects the validity, authenticity,
and integrity of Computer Science assessments.

(2) To apply and iteratively refine this framework across multi-
ple institutions and a diverse range of assessment formats.

(3) To identify common patterns of susceptibility and robustness
across Computer Science assessment types.

(4) To develop and disseminate practical strategies for valid,
inclusive and future-facing assessment.

3 Research Questions
The project will be guided by the following research questions:
RQ1. How can the impact of generative AI on the validity, au-

thenticity, and integrity of Computer Science assessments
be conceptualised and systematically evaluated?

RQ2. How do different Computer Science assessment formats vary
in relation to AI-assisted completion?

RQ3. What design features support valid, authentic, and inclusive
assessment in AI-rich contexts?

RQ4. How useful is a collaboratively developed framework in
supporting educators to evaluate and redesign assessments
in response to generative AI?
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4 Methodology and Activities
The project will use a participatory, iterative co-design approach
organised in three phases. Participants will help to develop the
framework, apply it within their own contexts, and contribute to
shared cross-institutional analysis.
Phase 1 – Month 1: Participants will be recruited through an ini-
tial workshop at UKICER 2026. Using sample Computer Science
assessments, they will identify AI-related challenges and examples
of good practice to develop an initial framework. Version 1 will take
the form of a structured rubric for evaluating assessments against
defined dimensions and recording findings consistently. The out-
puts will be a taxonomy of Computer Science assessment types and
the initial assessment framework.
Phase 2 – Months 2–3: Participants will apply Version 1 within
their own institutions by analysing one or two assessments. Us-
ing shared templates, they will record assessment characteristics
and framework ratings, and reflect on their findings. Where useful,
they may also conduct structured generative AI trials and retain
examples of relevant interactions or outputs.

Participants will share their findings as short case studies at
an online workshop. The project team will combine the ratings,
reflections and, where available, AI trial outputs. This analysis
will identify common AI-related challenges, compare assessment
contexts, and inform Version 2 of the framework.
Phase 3 – Month 4: Following the Phase 2 workshop, participants
will work in collaborative groups to apply Version 2 by redesigning
at least one assessment or critically evaluating a proposed redesign..
They will consider implications for learning outcomes, validity, au-
thenticity, feasibility, and inclusivity, documenting their decisions
using a shared template. A final online workshop will facilitate
discussion across groups. The outputs will include a refined frame-
work, a set of practical assessment design patterns, and a collection
of case studies demonstrating how Computer Science assessments
can be adapted in response to generative AI.
Evaluation: Evaluation will be embedded throughout the project
rather than conducted separately at the end. During co-design, par-
ticipants will identify the characteristics of a useful framework for
their assessment contexts. These discussions will shape evaluation
measures which may include clarity, usability, relevance across
assessment formats, support for inclusive redesign, and practical
value.

After applying Version 2, participants will complete a short ques-
tionnaire combining Likert-scale and open-ended items. This will
assess these measures alongside willingness to reuse or recommend
the framework. Qualitative feedback will explore how the frame-
work supported redesign and identify strengths, limitations and
priorities for refinement. Findings will be analysed across partici-
pants and assessment contexts to assess its practical usefulness and
inform the final iteration.

5 Project Team and Participant Engagement
The RIPPAwill be led by a team of computing education researchers
and practitioners from eight UK HEIs, with expertise in assessment,
pedagogy, generative AI, and curriculum design. The Project Team
will coordinate workshops, support participants in applying and

refining the framework within their own contexts, and lead the
synthesis, evaluation and dissemination of findings.

A wider group of computing educators will be recruited at
UKICER 2026 and involved throughout the project. By applying
and refining the framework through their own assessment practice,
participants will contribute to its refinement across diverse institu-
tional contexts and assessment formats, while producing outputs
that are directly applicable to their own teaching practice. Through
participation, individuals will become members of a Community
of Practice dedicated to designing and refining Computer Science
assessment in response to generative AI. Through workshops, peer
review, and cross-institutional sharing of assessment redesigns,
participants will apply a structured evaluation framework, receive
constructive feedback on their own assessment practices, and learn
from colleagues across diverse institutional contexts.

6 Outputs and Dissemination
The project will produce a co-created, practice-informed framework
for evaluating the impact of generative AI on Computer Science
assessment, alongside a set of practical assessment design princi-
ples and a collection of cross-institutional case studies illustrating
their application in different contexts. Together, these outputs will
provide both a shared evidence base and practical guidance to sup-
port educators in reviewing and adapting assessment in response
to AI. The project will lead to a co-authored publication submit-
ted to UKICER 2027. The framework, case studies, and supporting
materials will also be shared openly with the wider computing edu-
cation community to support ongoing discussion and development
of assessment practice in Computer Science education.
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